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[Abstract] To discuss the latent variable growth curve model of longitudinal data and give its
implementation method in Mplus. The application of Mplus software has been used to deal with the
longitudinal data of mental health status of college students in an university. Results show that the
model can process the longitudinal data with latent variables, which can compare the differences of the
overall development trend and individual development, also taking a covariate into the model to
improve the effect of model fitting. Using Mplus software to process the longitudinal data with latent
variables, the program is simple and easy to operate. This study provides the latent variable growth
curve model of longitudinal data and its procedure of implementation in Mplus, and the statistical
methodology guidance and reference for practical applications of epidemiological cohort study.
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TITLE: LATENT UNSPECIFIED CURVE MODEL
DATA: FILE IS C:\Users\sqy\Desktop\SSSS.dat;
VARIABLE: NAMES ARE gender V1 V2 V3 V4 ;
USEVAR=V1-V4,
MODEL: F1 BY V1-V4@1;
F2BY V1@0 V2@1 V3@2 V4@3;
[VI-V4@O F1 F21;
V1-V4 F1 F2;
F1 WITH F2;
OUTPUT: SAMP STANDARDIZED MODINDICES

TITLE:LATENT UNSPECIFIED CURVE MODEL
DATAFILE IS C:\Users\sqy\Desktop\SSSS.dat;
VARIABLE: NAMES ARE gender V1 V2 V3 V4;
USEVAR =gender V1-V4 ;
MODEL: FI BY VI-V4@1;
F2 BY V1@0 V2@1 V3@2 V4@3 ;
F1 F2 ON gender ;
[V1-V4@0 F1 F2];
V1-V4 F1 F2;
F1 WITH F2;
OUTPUT: SAMP STANDARDIZED MODINDICES
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Loglikelihood

HO Value -759.395 -757.215
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Information Criteria
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