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Research progresses in feature extraction of radiomics
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[Abstract] Radiomics refers to the comprehensive quantification of information such as tumor biological feature and heter-
ogeneity through assessing a large number of quantitative image features from ROI of CT, MRI and PET images. With the

development of data science, radiomics has been paid more and more attention. Feature extraction is an important step of

Radiomics. The processes in feature extraction of radiomics were reviewed in this paper.
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